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Abstract  Generally solving optimization problems with multiple objectives is a very difficult. Evolutionary algorithms of

artificial intelligence were initially applied to this field from the niid-eighties . During the past decade, a variety of multi-

objective evolutionary algorithm techniques have been come forth and some of them have been applied to engineering prac-

tice successfully. Thus a popular area of research has formed recently. This paper discusse some related researches and

put forward some problem that need to be studied in future.
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